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Abstract: 
 
Political Scientists routinely rely on self-reports when investigating effects of political 
stimuli on behavior.  An example of this is the work in American politics addressing 
whether campaign advertising mobilizes voters.  Findings vary by methodology and are 
based on varying degrees of self-reports; yet, little attention is paid to the furtive 
complications that arise when self reports are used as both dependent and independent 
variables.  In this paper, I demonstrate and account for the correlated yet unobservable 
errors that drive self-reports of campaign exposure and political behavior.  I present 
results of a unique, randomized survey experiment involving approximately 1,500 
respondents.  Before the 2002 elections, I showed a professionally developed, non-
partisan, get-out-the-vote advertisement to a random sub-set of a randomly drawn 
national sample via televisions in their own homes.  The analysis shows a great divide 
between actual results (using known treatment and validated vote) and results using 
respondent recall of these activities.   
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 Why do people vote for incumbent Members of Congress?  Does attack 

advertising demobilize the electorate? Do the media affect political preferences and 

priorities?  These are some of the major questions in American politics driving research 

through the last several decades.  The answers to these questions are compelling and 

provocative, and add to a general understanding of American political behavior.  In many 

cases, however, the answers are derived from a dependent and at least one independent 

variable made up of self reports of respondents’ experiences.    

 What are the costs of relying on more than one self-report of important political 

experiences? The main problems are the potentially correlated yet often unobservable 

errors that could drive both the reporting on the independent variable and the dependent 

variable.  This kind of errors-in-variables situation is challenging because it is difficult to 

know even the direction of the bias without knowing something about the covariances 

among the variables measured with error and their errors (Madalla 1992, p. 470).2  

Despite this potential bias, self reports of numerous political behaviors are often used in 

the same explanatory model.  

 In this paper, I provide evidence from a uniquely designed survey experiment that 

shows the dangers of relying on self reports of both independent and dependent variables, 

separately and together.  When self reports of exposure and turnout are used, the effect of 

campaign advertising treatments is to increase turnout by nearly eight percentage points 

(with a 2.5 point standard error).  When actual measures of advertising exposure and 

turnout are used, the effects diminish to one point (with a 1.5 point standard error).  The 

use of self reports dramatically alters the conclusions one draws from this analysis.  The 

bias, however, is systematic and can be accounted for using unconventional controls. 

I.  The Problem:  Self-reports may affect the Results 

                                                 
2 Maddala warns that it is not just errors in the independent variables that create estimation problems.  

“What is important to note,” he writes, “is that one can get either underestimation or overestimation 

when errors of observation are mutually correlated and also correlated with the systematic parts of the 

model (1992, p. 470). 
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 Political Scientists routinely ask people to report on themselves and use these 

measures to illustrate important political mechanisms (for example Cain, Ferejohn, and 

Fiorina 1987; Verba, Brady, and Schlozman 1996; Rosenstone and Hansen 2002; Finkel 

and Geer 1998; Freedman and Goldstein 1999; Hagen, Johnston, and Jamieson 2003; 

Hillygus and Jackman 2003).  This is common in areas ranging from studies of basic 

political participation, to the broad effects of political communication, to specific studies 

of the effectiveness of district work on Congressional re-election.  One topic that has 

received a lot of attention lately is the study of campaign effects.  This is no doubt 

spurred on mainly by the entrance of impressive large scale data collections such as John 

Geer’s campaign advertising content analysis (Finkel and Geer 1998), Ken Goldstein’s 

Campaign Media Analysis Group tracking data (Freedman and Goldstein 1999), the 

Annenberg National Election Study (Hagen, Johnston, and Jamieson 2003), and the 

Knowledge Networks Election Panel (Hillygus and Jackman 2004).  These industrious 

and creative data projects have undoubtedly advanced the study of campaigns and 

elections.  But even with these highly sophisticated and expensive data collection efforts, 

the question of what kinds of campaign treatments respondents are exposed to is 

answered mainly with self-reports.3   

 The most widely read recent debate among scholars of elections is the dispute 

over whether attack advertising causes voters to stay home on Election Day.  

Ansolabehere, Iyengar, Simon, and Valentino (1994), Ansolabehere and Iyengar (1995), 

Finkel and Geer (1998), Freedman and Goldstein (1999), Kahn and Kenney (1999), 

Wattenberg and Brians (1999), Ansolabehere, Iyengar, and Simon (1999), Vavreck 

(2000) and many others (see Lau, Sigelman, Heldman and Babbitt (1999) for a meta-

analysis of this line of inquiry) have used various measures of exposure to campaign 

advertising to estimate effects on self reported political participation.  In Ansolabehere, 

Iyengar, Simon, and Valentino (1994) and Ansolabehere and Iyengar (1995) exposure to 

treatment is strictly controlled in a lab experimental setting, but turnout is reported by the 

experimental subjects.  In the observational studies, both exposure to campaign 
                                                 
3 Even Geer’s detailed content analysis and Goldstein’s ad-buy data do not reveal any information about whether 

individuals were actually exposed to these advertisements.   
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advertising and turnout are measured through respondents’ recall.  Finkel and Geer 

(1998) use a measure of how many campaign media the respondent used.  The measure is 

an index comprised of NES questions about whether a person paid any attention to news 

about the campaign . . . on television, in a newspaper, on the radio, or in a magazine.  

Freedman and Goldstein (1999) ask respondents about their television viewing habits:  

“how much television do you watch during [X] part of the day?”  Kahn and Kenney 

(1999) measure exposure to the candidates using the NES questions about whether a 

respondent saw the candidate on television, read about him or her in a newspaper, and 

similarly for radio and magazines.  Finally, Wattenberg and Brians (1999) use NES open-

ended questions asking the respondent whether he or she recalls seeing any presidential 

campaign advertisements on television, and what they remembered about the ad. 

 Findings vary systematically by method, yet only one attempt has been made to 

reconcile these divergent findings into an accumulated sense of knowledge 

(Ansolabehere, Iyengar, and Simon 1999) by comparing the effects of actual tone of 

advertising and respondents’ recall of advertising tone.4  Ansolabehere, Iyengar, and 

Simon’s instrumental variables approach to reconciliation of experimental and 

observational results was a solid first step toward learning about the biases in self reports 

of political behavior and exposure.  The next logical step is to determine whether self 

reports of more than one variable are confounding results and what can be done to 

account for these biases.   

II. The Problem: Self Reports are Over Reports 

 To what extents are self-reports on media habits exaggerations? And, to what 

extent are they correlated with exaggerations about intended turnout?  Because actual 

subscription and viewership rates of various mass media outlets are publicly available, 

we can get a good sense of whether people are over-reporting their media habits by 

                                                 
4 Ansolbehere, Iyengar, and Simon (1999) account for the problems with recall data by instrumenting for 

self-reports of exposure to campaign advertising.  They also address the simultaneity of exposure recalls 

and intention to vote.    
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comparing self reported subscriptions and viewership ratings with the truth, as reported 

by the media outlets.  While roughly 30 percent of Americans report watching the 

national news every night of the week, Nielsen ratings estimate the combined daily 

audience for the major broadcast news networks, plus CNN, to be roughly 20 million 

people.  In a country of about 200 million people, a 30 percent viewership rate yields 60 

million viewers per night – three times as many as Nielsen reports (Zaller 2002, p.311).  

Magazine subscription rates show a similar trend.  Newsweek reaches 5.5 percent of the 

population each week, but surveys routinely overestimate its subscription rates by an 

additional 5 percentage points.  Time magazine, which reaches 8.8 percent of the 

population, is overestimated by an even greater amount – nearly 6 points.  These results 

are robust to various survey vendors, sampling methods, and interviewing mediums 

(Krosnick and Rivers 2005, p. 15).   

 Over-reports of behavior are commonplace in observational research, and creative 

attempts to control them range from altering the context of the questionnaire to making 

the interview less personal for the respondent (Silver, Anderson, Abramson 1986; 

Sudman and Bradbrun 1974; Katosh and Traugott 1981; Parry and Crossley 1950; 

Dillman 1978; Rogers 1976; Locander, Sudman, and Bradburn 1976; Abramson and 

Clagget 1986; Bishop, Oldenick and Tuchfarber 1984).  Survey researchers offer many 

solutions that change questions or the questionnaire with hopes of easing the bias in 

surveys.  A lot of attention has been paid to the survey instrument itself.   

 To compliment work on the survey instrument, economists have given a lot of 

attention to the context in which the respondent answers survey questions – a 

hypothetical context, a “what if” context that may bear on the kinds of answers one gives.  

Hypothetical bias may exist when values that are elicited in a hypothetical context, like a 

survey, differ from those elicited in a real context, like a market.  Results from economics 

are one-sided:  people overstate their true valuation for items in hypothetical settings.  

Bishop and Heberlein (1986) show this clearly by obtaining hypothetical measures and 

actual cash values for hunting permits.  They find that respondents’ willingness to pay for 

the permits was much higher in the hypothetical context as compared to the cash market.  

The average hypothetical values exceeded the real ones by 33 percent in one experiment 
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and 79 percent in another.  As the value of the items for sale becomes less obvious, the 

biases grow sharply.  Neill, Cummings, Ganderton, Harrison, and McGuckin (1994) find 

that hypothetical bias for a reprint of a medieval map can be as high as 2600 percent.  

They conclude that the large biases are due to a lack of real economic commitment in the 

hypothetical setting.5  

 Economists have an advantage here – dollars are easily measured, while it is not 

always so with political behavior.  We have become accustomed to compromises in terms 

of measuring the things we really care about because they are difficult to measure.  The 

measures on which we most rely and the behaviors in which we are most interested may 

have correlated errors for which we do not account.  Instead of asking someone how 

much they would pay for a pint of strawberries, and then showing up a few weeks later 

selling strawberries at their front door to confirm their report, we ask people whether they 

purchased strawberries in the last month and how much they paid.6  Figuring out what 

kind of person over reports their answers to both questions (if it is systematically 

possible) is the next step in correcting biases from self reports.    

III. The Road to a Solution:  A Field Test using a Survey Experiment 

The Field:  Laboratory Control with External Validity 

 In order to shed light on whether the errors associated with recall measures of 

political behaviors are correlated, a method is needed that will chart both the real values 

of variables and their reported values by respondents.  What is the appropriate method for 

doing so?  The simple and appealing essence of laboratory work is the complete control 

over treatment and the easy interpretation of the results.  Experiments require the 

researcher to make no assumptions about the underlying behavioral model.  Results are 
                                                 
5 This is consistent with self-reports of valuable behaviors like visits to the dentist, which people over-

report dramatically (Campbell, Converse, and Roberts 1976). 

 
6 Another famous economic study of hypothetical bias involves the price subjects would pay for a pint of 

strawberries (Harrison and Rutstrom 2006).   
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generated using non-parametric analyses that allow the researcher to study effects 

without relying on many assumptions.  The weakness is that researchers have forced 

compliance with the treatment (in this case, not allowing exposure to vary with relevant 

covariates) and created such an unusual social experience that results may not generalize 

beyond the lab.   

 Observational studies are strong where experiments are vulnerable, but the 

opposite is also true.  Survey results easily generalize to larger populations, but the 

precision with which survey instruments measure important concepts or behaviors is 

weak.  An additional weakness is that observational work nearly always involves 

analyses with controls, since treatments are rarely randomly assigned. The assumption of 

parametric form, along with the decisions about which and how many variables to 

include as controls is a drawback of observational research.  Coefficients on variables of 

interest often change as controls are added, but it is difficult to know whether the 

changing magnitudes are due to actual behavioral patterns or the presence of endogenous 

regressors or variables measured with error.   

 It would be informative to have a real world calibration at the individual level of 

observational work on political behavior.  A method that asks respondents to report on 

themselves, can generalize to a large population, and allows the researcher control over 

actual treatment would meet the criteria for calibration.7  Economists and a few political 

scientists have leveraged field experiments to do these things.  Field experiments give 

scholars the power to randomly treat very large random samples of the population outside 

the artificial lab setting and to observe the effects outside the lab as well.  A field study 

also provides the mechanism for testing whether results in the lab are different from 

results outside the lab merely because of the lab setting.  A field test aimed at uncovering 

the weakness in self-reports of behavior could proceed in many ways.  One of the most 

affordable ways to move into the field is to use web-based survey technology.  Web-

                                                 
7 Ideally, exposure to treatments would be available to people in a randomly assigned treatment group, but 

the respondents could decide whether to experience the treatment based on whatever criteria they would 

use to make the same decision in a real political setting. 
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based interviews can be conducted for no more money than phone surveys, yet can 

include visual content that was previously only possible with in–person interviewing at a 

much higher cost.    

 Web-based field work also provides better external validity than the lab since 

subjects have no actual contact with the experimenter and there is no chance for the 

experimenter to inadvertently cue the subjects to desired results.  Moreover, subjects are 

treated on their own televisions, in their own living rooms, with their own family 

members around them, and in the context of whatever other political information exists in 

their life at the time (and whatever else might vie for their attention).  The effects of 

treatments that are uncovered from this kind of fieldwork are the marginal effects of each 

additional treatment in the real-world context of respondent’s political information and 

environment.  In field tests using the web, researchers can draw random samples from the 

entire population of American voters and randomly assign some to a treatment group.8   

Study Design 

 This project was executed in cooperation with the Ad Council, whose award 

winning public service campaigns include Smokey the Bear, McGruff the Crime Dog, 

and the “Drinking and Driving Can Kill a Friendship” campaign.  To boost turnout in the 

2002 midterm elections, the Ad Council partnered with the Federal Voting Assistance 

Program, and WestWayne Communications of Atlanta, to create “Decision Guy.”   

 “Decision Guy” is a fictional character at the center of their voting campaign. By 

annoyingly interfering with the real-life decisions young people encounter every day – 

getting their hair cut, choosing which sweater to wear, ordering at a fast food restaurant – 

“Decision Guy" offers a comical portrayal of what can happen when one lets other people 

make decisions. 

                                                 
8 This can be done using lists or simply by random household assignment. 
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 The study is designed to measure the effect of exposure to one 30 second 

“Decision Guy” ad on voter turnout among young people.  Knowledge Networks, a 

survey research firm using Web-TV to conduct random sample surveys, was employed to 

administer the survey experiment.  A total of 3,076 citizens age 18-34 were identified for 

participation in the experiment.  Knowledge Networks uses random digit dialing to select 

households and provides selected households with an interactive television device to 

connect them to the Internet.9  Participants in this experiment were randomly selected 

from the nation as a whole.10  The sample was randomly divided into experimental and 

control groups.  Each group was contacted twice – once before the 2002 midterm 

elections and once after.  In Table 1, I present the sample sizes and completion rates for 

each group in each wave, respectively. 

(Table 1 here) 

 The first wave survey was administered approximately 2 weeks before the 2002 

midterm elections, from October 23 to November 5.  The experimental group saw three 

ad clips made by the Ad Council, while the control group saw none.11  The second wave 

of the survey was fielded to panel members who had successfully completed the first 

wave.  There were no videos shown in the second wave, both groups received the same 

follow up survey.   

IV.  Effects 

                                                 
9 Information about acceptance, response, and attrition rates for the entire Knowledge Networks panel 

available upon request from the author.  See Dennis (2001), Krosnick and Chang (2001).   

 
10 Because the Ad Council ad appeared in all of the nation’s top 30 media markets, I excluded respondents 

who lived in these areas from the sample.  I did not want participants in the study to see the 

advertisement on television as well as in the experiment.   

 
11 In an ideal design, the control group would also be exposed to advertising, although about something 

other than politics.  Doing this added considerable expense to the experiment, however, and could not be 

done at this time. 
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Recall Measurement  

 One distinctive feature of this project is its unique design.  The project contains an 

actual experimental treatment and a survey of the same subjects.  This allows me to 

analyze the data in two different manners:  the experimental way, which uses actual 

treatment and actual turnout as reported by the Secretaries of States; and the 

observational way, which relies on respondents’ recall of whether they saw the ad and 

whether they voted.   Comparing these two sets of results will shed light on whether 

recall measures are adequate proxies for actual experience and behavior, even when 

controls are added.  

 In an effort to get the most accurate assessment of recall, I leverage the Web-TV 

technology to its fullest capabilities.  Previous studies typically use written descriptions 

of the ads in survey questions, allow respondents to describe ads they recall seeing in 

open-end formats, or inquire about television shows the respondent watches to infer ad 

exposure.  Because the Web-TV technology is capable of showing still images to 

respondents, I use frames from the actual ads (and some fake ads) and ask respondents 

whether they recall seeing the images.  The ability to show the respondent an actual 

image from the ad proves quite effective.    

The Treatment 

 Respondents assigned to the experiment group saw one minute of video 

advertising during the beginning portion of the first wave survey.  In the introduction to 

the survey, respondents were told that I was interested in their use of different forms of 

media, and their interest in different types of programming by media.  In general, they 

also knew that the survey had some connection to politics and policy.   

 Respondents in the treatment group first saw a 15 second ad made by the Ad 

Council for their “Get Green” campaign.  The ad is called “Tires” and shows a man 

filling up his car tires with air.  The ad informs people that keeping tires properly inflated 

will help save the environment and also save them cash.  The second 15 second ad was 

from the same campaign and is called “Tuned.”   In this ad, a man reminds people that 
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keeping their cars properly tuned saves on repairs, helps save the environment, and saves 

them cash. The third ad was the 30 second Ad Council “Decision Guy” spot.  It is called 

“Fast Food”.  Fast Food is shot in black and white at a drive through restaurant 

speakerphone.  In the ad, a young man pulls up to the drive through speaker in his car and 

begins to order.  In the middle of placing the order, Decision Guy jumps out from the 

bushes behind the speaker and starts changing the order.  Although the customer objects, 

Decision Guy does not give up and keeps insisting the customer wants a “#2 with a 

chocolate shake” instead of a “#5 with lemonade.”  The tag-line reads:   

 

 

 

 

“Stinks when people make decisions for you, huh? 

That’s what happens when you don’t vote.” 

 

 After viewing these three ads, respondents in the experimental group finished the 

rest of the first wave survey, which was identical to the survey people in the control 

group received.  At the end of the first wave survey, all respondents saw four still images 

from the ads, two from Fast Food and one each from the Get Green ads with questions 

about recalling the images.  This is the initial test of recall. 

 After the election, all respondents were re-contacted and administered a post-

election survey.  This survey was the same for both the experiment and control group.  

No video was shown in this wave of the survey, but respondents were shown the same 

four still images from the ads that they saw in the first wave of the survey.  This is the 

second test of recall, weeks later.  Respondents were also shown two decoy images, not 
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from advertising campaigns, that no one in the sample could have seen.  Table 2 presents 

the results of the recall analysis. 

(Table 2 about here) 

 Between 78 and 85 percent of the people in the treatment group remember seeing 

the images in the advertisements immediately after seeing them (at the end of the first 

wave survey).  These findings are higher than those reported by Ansolabehere, Iyengar 

and Simon (1999, p. 901) who report about 50 percent of people in the treatment 

condition recalling the ads they saw.12  When interviewed 2 to 3 weeks later there is some 

memory loss, but not much.  Between 65 and 72 percent of the treatment group 

remember seeing the images.13  For each of the still images from the turnout ad, roughly 

12 percent of the respondents forgot they had seen the images over the length of the 

panel, which was about 1 month.  Decoy images (2) of children playing at the beach and 

a woman climbing a volcano were shown to all respondents in the second wave of the 

survey to test for baseline false positive results.  Fewer than 8 percent of the respondents 

mistakenly reported familiarity with these images.  Interestingly, respondents in the 

treatment group were twice as likely to make this mistake as respondents in the control 

group.14   

 Generally speaking, most people do a good job of recognizing still images they 

have seen before in advertisements.  This method, when compared to asking respondents 

to list the ads they recall seeing, does a better job of accurately relaying information 

about advertising exposure. 
                                                 
12 Their measure of recall is to ask respondents to list the ads they could remember seeing (30 minutes after seeing 

them).  Only half the participants who saw a campaign ad recalled seeing one.  Respondents saw other, non-political  

types of ads, too.   

 
13 The reason control group recall goes up in the second wave is that some people in the control group 

remember seeing the images in the first wave of the survey during the recall measures. 

 
14 Ansolabehere, Iyengar, and Simon (1999, p. 901-2) report 4 percent of respondents in the control group falsely state 

they had seen a political ad when asked to list the ads the recall seeing.   
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Results:  Actual Exposure on Reported Turnout (representative of lab experiments) 

 In Table 3, I present the percent of respondents who report voting in the 2002 

elections controlling for whether the person was assigned to the treatment or control 

group.  This is the kind of analysis typically used in laboratory.  These initial results show 

a modest half-point (p<=.8) increase in reported turnout among people in the treatment 

condition.  The magnitude of this effect is small – and worse, the number of cases makes 

it impossible to know whether this half-point increase is different from zero.  This result 

is moderately consistent with laboratory results showing modest 2.5 point effects on 

turnout from advertising (Ansolabehere and Iyengar 1995).     

(Table 3 Here) 

Results:  Reported Exposure on Reported Turnout (representative of observational 

studies) 

 The robust advertising effects found in some observational work (for example 

Freedman, Franz, and Goldstein 1999), however, come from using self-reports on both 

the right and left side of the equation.  What happens to the modest results reported in 

Table 3 if self reports of exposure to the treatment are used instead of actual assignment 

to the treatment condition?  In the first section of Table 4, I present the percent of 

respondents who report voting in the election controlling for whether they report seeing 

images from the turnout ads.   

(Table 4 here) 

 People who say they recall the ad’s images voted in the election more often than 

those who do not remember the advertisement.  The difference, 7.32 percentage points, is 

both substantively and statistically significant.  It is a 14 times greater than the half point 

increase that results from the analysis of actual exposure to the ad on reported turnout and 

is comparable to recent and previously documented advertising effects using 

observational work.   



 15

 Recalling the advertisement boosts the effectiveness of the treatment 

substantially.15  This is a plausible result since those who pay more attention and 

remember the images from the ad may be more likely to be affected by it.  If you 

remember the ad, you are more likely to vote in the election.  The change in advertising 

effectiveness resulting from the use of memory instead of actual exposure suggests that in 

observational work, the effects of treatments are being conflated with whether a 

respondent remembers the treatment.  These are two separate and separable concepts.   

 Because this survey is embedded in an experiment, I can further explore the 

relationship between recalling the advertisement and voting.  For example, even though 

most people (72 percent, see Table 1) correctly remember whether they saw the 

advertisement, the effect of remembering the ad should be negligible for those 

respondents who in fact did not see it (the control group).  To the extent that people who 

did not see the ad “recall” seeing it, they are not being influenced by the advertisement, 

but by something else.16  The bottom part of Table 4 presents the analysis of advertising 

recall on reported turnout for the treatment and the control groups, respectively. 

 In the treatment group, I find a familiar pattern.  Respondents who recall seeing 

the ad vote in larger numbers than those who do not recall the advertisement, by about 

7.6 percentage points.  The difference is not statistically significant, but this reflects the 

total number of cases being cut in half.   

 The cross-tab for the control group ought to reveal an absence of this relationship, 

since these people were never exposed to the advertisement.  The relationship between 

advertising recall and turnout, however, is not only present in the control group, it is 

larger – and statistically significant despite the drop in cases.  Among people who were 

                                                 
15 Even answering that you are “not sure” whether you have seen the image boosts turnout substantially. Among this set 

of people, 35 percent were actually in the treatment group.   

 
16 There is nothing explicitly or implicitly political in the still images shown to respondents, therefore, merely seeing 

the still image of a young man at a drive-thru restaurant window should not be enough to increase either one’s actual 

political participation or one’s reporting of such activities.   

 



 16

never exposed to the advertisement, those who reported exposure to the ad voted in 

greater numbers than those who denied exposure.   

 This finding complicates the story about what is actually being measured by a self 

report of advertising exposure.  It seems it is not the case that recall measures memories 

of the treatment instead of actual treatment, because some people who report 

remembering the ads were not treated at all (roughly 17 percent).  Recall of the treatment 

is not entirely driven by the treatment itself.  In truth, the recall measure is imprecise for 

two distinct reasons:  it not only misses people who were actually exposed but do not 

remember the treatment (12 percent), it also includes people who were never exposed but 

mistakenly report exposure (17 percent).    

 This finding sheds doubt on the use of self reported measures of behavior.  The 

positive result is an artifact of the survey method, not unlike the over valuation 

economists find in their survey experiments.  Just as a high valuation seems to mean very 

little to subjects because they know they will never actually have to pay it, over-reports of 

exposure and behavior come easily to voters.  These data suggest that many people want 

to appear to be the kind of person who pays attention to politics or votes in elections (and 

perhaps even subscribes to Newsweek and Time magazines, or watches the nightly 

network news).17 

 In 1999, Ansolabehere, Iyengar, and Simon critiqued the use of advertising recall 

as endogenous to turnout in elections.  It seems, however, that the dangers are worse than 

they anticipated.  Recall of political ads and turnout in elections are related, as the 

treatment group results demonstrate; but, recall of political ads and turnout, even when 

one has not seen the ad, are also related, as the control group results show.  There are 

correlated and unobservable errors driving self-reporting of these two variables that yield 

significantly different results than the actual effects.  The 8 point increase in turnout is 
                                                 
17 In addition to economists’ theory of hypothetical bias, another possible explanation for this behavior is social 

desirability bias, by which respondents’ answers are conditioned by social norms about what is “good” or “right”.  

Another plausible mechanism is the idea that respondents want to please the interviewer by giving the answers that 

affirm what the interviewer is asking (“oh, yes, I saw that,” or “yes, I voted”). 
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being equally driven by the control group as well as the treatment group.  These results 

suggest that the treatment actually has no effect on turnout, not an 8 point effect.  In a 

typical survey, we do not get to “peak” at the mechanisms that generate the data.  These 

unique data provide clues that the biases associated with over-reporting are notable.  The 

dangers of relying on self reports are furtive, but legitimate.     

 In most cases survey data are not analyzed using bivariate cross tabs.  

Observational researchers typically introduce controls through the use of parametric 

models.  The goal is to add variables to the model that affect the dependent variable and 

are also correlated with the treatment.  Since most observational work is non-

experimental in design, respondents self-select into treatments.  By adding controls to the 

models, the true effect of the treatment may be revealed, in theory.  The problem is that 

there are many reasons that the coefficients on treatments may change, and without the 

benefit of knowing who was actually treated, a survey researcher is left to assume that 

changing coefficients are due to improvements in model specification, not other 

confounding factors such as collinearity or endogeneity. 

 In Table 5, I present the results of regression analyses of these observational data 

using typical controls.  The first row details the simple bivariate analysis of self-reported 

exposure on self-reported turnout:  the full sample analysis shows a treatment effect of 

nearly 7 percentage points, but it is entirely driven by people in the control group (who 

show almost a 12 point effect from recall).18     

(Table 5 here) 

  The addition of demographic controls changes very little.  The full sample effect 

remains, although it is slightly smaller.  Effects are absent once more in the actual 

treatment group and largely present (12 points) in the actual control group.  Education 

                                                 
18 Self reports of exposure are measured in three categories:  definitely saw it, not sure, definitely did not 

see it.  For this reason, it is necessary to multiply the coefficient by 2 in order to get the effect of moving 

from non-exposure to exposure.  
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and age have the expected effects on turnout in the election – each increases participation 

by substantial amounts.  The constancy of the results is encouraging since neither age nor 

education can be endogenous to exposure; and it is unlikely that one of these two 

demographic variables is driving positive recalls of treatment. 

 Adding substantive control variables, such as interest in the campaign or whether 

there are any important differences between the two major parties, causes more change.  

The effect of self reported exposure in the full sample disappears and in the actual 

treatment group, the coefficient is negative, although not distinguishable from zero.  The 

full sample results behave as anticipated: adding theoretically appropriate controls yields 

a result that looks like the true effect – a null effect from treatment.  As before, however, 

the actual control group effect remains positive and significant, although it decreases in 

magnitude to 8 points.  If there were more respondents who mistakenly reported seeing 

these ads, falsely positive results would emerge. 

Results:  Actual Exposure on Actual Turnout 

 To explore the possibility of correlated errors between people who say they were 

treated and people who say they voted in the election, individual level data on actual 

turnout are needed.  I hired Polimetrix, Inc., a survey research firm based in Palo Alto, 

California to gather turnout data from the Secretaries of States offices in which my 

survey respondents live.  Data of this type are matters of public record, but some states 

make it more difficult than others to gain access to their voter rolls.  I was able to obtain 

state records to ascertain the participation of 93 percent of the survey respondents.19  

                                                 
19 Six states in this experiment proved difficult for Polimetrix to access:  Wisconsin, Oregon, Maine, 

Washington, Vermont, and Massachusetts.  In 2003, Polimetrix had a license to use data provided by 

Aristotle, Inc., a Washington DC based vendor of vote history information.  In subsequent years, 

Polimetrix built their own nationwide voter file.  Aristotle’s collection of vote history encompassed 93 

percent of my sample’s geography.  There is no reason to believe that the unavailable states are in any 

way systematically related to the random assignment of individuals to the treatment condition, thus the 

effect of this missing information should not systematically affect the results.  Of the 93 percent with 

vote history, nearly half of the individuals were found on their states’ voter rolls as registered voters.  

This number is consistent with U.S. Census Data on registration by age group.  The Census reports 38 
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Polimetrix worked directly with Knowledge Networks to append turnout information to 

my experimental data.   

 Nationwide turnout among 18-34 year olds in the 2002 midterm election was 

nearly 22 percent.  The range of participation spanned a high of 43 percent among young 

people in Minnesota to a low of 9 percent participation in Arizona.  Respondents in this 

sample reported voting in the election of 2002 at a rate of 35 percent.  When validated 

voting information is used, the actual turnout rate among respondents in the survey is 12 

percent.  Many of the respondents who reported voting in the election did not vote.20   

 What does the use of validated voting data show about the actual effect of the 

treatment on turnout?  The effect of the ad is bolstered by the use of real voting 

information, moving from a half-point effect to nearly 1 point.  Although the effect is 

doubled, the drop in cases again makes it difficult to precisely estimate the effect.21  I 

present these results in Table 6.   

(Table 6 here) 

The Solution 

 In a stark illustration of social desirability or hypothetical bias, among young 

people who reported voting in the election, only 32 percent actually did.  Clearly, people 

                                                                                                                                                 
percent of 18-24 year olds are registered and 55 percent of 25 to 44 year olds are registered.  Registration 

rates go up to 70 percent in subsequent age groups 

(http://www.census.gov/population/www/socdemo/voting). 

     
20 These over-reports are not unusual.  The Current Population Study ascertains political participation in a 

similar manner and finds over-reporting of about the same magnitude for this demographic group.  The 

Center for Investigation and Research about Civic Education (CIRCLE) also finds similar patterns of 

over-reporting among young people.   

 
21 The drop in cases is mainly the result of voter registration.  Of the 1,328 respondents in the study, 

slightly less than half of them were actually registered to vote.   
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feel pressure to say they voted in elections, even when they have not.  Roughly a quarter 

of the entire sample mistakenly reported voting.  Do these same people, however, feel 

pressure to over-report their exposure to campaign stimuli?  Eleven percent of the control 

group over reported both exposure to the ads and voting in the election.   

   What factors explain over-reporting of turnout and exposure?  The literature is 

relatively clear in terms of useful covariates for turnout exaggerations; for example, 

things like race, region, age, education, and gender have all been shown to relate to 

whether people misreport their level of participation.  Do these same factors explain why 

people over-report their exposure to certain images?  In Table 7, I report the results of a 

seemingly unrelated regression (SUR) analysis for over-reports of both dependent 

variables.    

(Table 7 here) 

 In addition to the demographic variables mentioned above, I included campaign 

interest in the over-report model for turnout.  In the over-report of exposure model, I 

added attention to the media, campaign interest, and attention to popular television.  

These data show that the more educated you are, and the more interested you are in 

campaigns, the more likely you are to over-report your political participation.  This is 

consistent with previous findings and is explained by the notion that more educated 

citizens appreciate the expectation of civic duty and feel some pressure to conform to it, 

as do those interested in politics.  The model of exposure over-reporting performs less 

well.  Paying more attention to the media may increase a person’s probability of 

exaggerating their exposure slightly, but none of the other variables are good predictors.   

 These simple models are able to explain 11 percent of the variation in over-

reporting of turnout and 4 percent of the variation in over-reporting of exposure to 

advertisements.  This leaves a significant portion of the variation unexplained.  The 

question remains:  do the errors in these models contain systematic elements that are 

correlated with one another?  The correlation between the residuals from the SUR 

analysis above is nearly .10.  A test that the errors are truly independent of one another 
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suggests rejecting the null hypothesis of independence with a slightly increased risk of 

Type I error (~X2(1) = 2.8, p<=.09).22   

 There is something systematic in the error terms of each model, something that I 

have not accounted for; and, the systematic components of each model’s error are related 

to one another.  Including political variables like level of interest in the campaign and 

attention to the media did not break the correlation between these errors.   

 There may be other sets of variables that we do not typically use in campaign 

research that can sever the correlation between the errors.  For example, in 1986, Silver, 

Anderson, and Abramson discovered a set of variables that predicts over-reporting on 

turnout extremely well.  These variables include efficacy, duty, partisan strength, and 

interest in politics.  Increases in these things lead to increases in exaggerating political 

participation, presumably because more dutiful citizens, and people who believe they can 

influence government, are more likely to feel pressure to participate in politics – even if 

they have not really done so.  With the exception of political interest, most researchers do 

not include these variables in analyses of campaign effects, public opinion, or vote 

choice.23  When these variables are added the results of the SUR change measurably, 

particularly in the turnout model.   

(Table 8 here) 

 The results of these new analyses indicate that the more people believe it is their 

duty to become informed about politics, the more likely they are to exaggerate their 

participation.  The more people believe they can influence government decisions, the 

more likely they are to exaggerate their voting record.  If they are stronger partisans, 

older, more educated, or more interested in campaigns – the more likely they are to over-

                                                 
22 Breusch-Pagan test of independence.   

 
23 Although see Finkel and Geer (1998) who include interest, partisan strength, and efficacy (but not civic duty).  This 

may be why Finkel and Geer’s findings on attack advertising demobilization are attenuated compared to other 

observational findings.   
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report political participation.  It is not the least well educated, younger, less interested 

voters who pretend they have voted; it is the people who care about whether they actually 

vote who misreport their commitment when they do not make it to the polls.   These 

variables explain 17 percent of the variation in over-reporting on turnout.   

 Even the exposure model fares better with the inclusion of Silver, Anderson, and 

Abramson’s variables.  An increased sense of duty and increasing age lead to over-

reports on exposure to advertisements.  The inclusion of these variables drives the 

correlation between the errors down to .07, and the test of independence can no longer be 

easily rejected (~X2(1) = 1.3, p<=.26).  By controlling for these different covariates, I am 

able to sever the correlation between the errors in these two over-reporting models.   

 One last analysis remains in order to show that observational tests using self-

reports on both the independent and dependent sides of the equation can yield accurate 

results.  I re-estimate the original observational model including the control variables that 

broke the correlation between the errors in both over-reporting models.  When these 

covariates (duty, efficacy, and partisan strength) are added to the regression of self-

reports of exposure to the campaign ad on self-reported turnout, the coefficient on 

reported treatment is indistinguishable from zero for the entire sample, and for both the 

treatment and control groups.  I present these results in Table 9. 

(Table 9 here) 

In Table 5, the recall measure of exposure was insignificant for the entire sample, but the 

effect from recall of exposure in the control group remained positive and significant at 8 

points.  In Table 9, even the control group shows an effect statistically indistinguishable 

from zero.  Finally, the observational results and the experimental results have 

converged.     

V. Conclusion 

  Relying on multiple self-reports of behavior can generate misleading results if 

correlated, unobservable errors are present in the data.  This correlation can be minimized 
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by controlling for covariates that break the systematic correlation between reporting 

errors in explanatory variables and the outcomes in which we are interested.  These 

correlated, initially unobservable errors may lead to results from survey data that are 

vastly different (700 percent exaggerated) from the real processes that generated them.   

 Allowing respondents to report on themselves is easy, but it comes with analytic, 

computational, and inferential costs for which we rarely account.  These results show that 

even when parameterization and covariates were introduced to the models using 

observational data on self-reports, the large positive effects of self-reported exposure to 

campaign advertising on turnout were driven by people in the control group who were 

exaggerating their exposure.  Normal science progress in the area of campaign effects has 

moved markedly over the last several decades.  Even as this knowledge accumulates, we 

must take time and care to attend to the difficult but consequential complications that 

arise from studying attitudes, opinions, and behaviors without directly observing them.  
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 Table 1.  Assignment of Persons to Experiment and Control Conditions 

Group Number 
Fielded 

Number 
Completed 

Rate 

 
Wave 1 
Control 

 
 
1318 

 
 
688 

 
 
52% 

 
Experiment 

 
1758 

 
891 

 
51% 

 
Total 

 
3076 

 
1579 

 
51% 

Wave 2    

Control 681 619 91% 
 
Experiment 

 
76124 

 
710 

 
93% 

 
Total 

 
1442 

 
1329 

 
92% 

     

 

                                                 
24 Although 891 people were successfully assigned to the experiment group, only 761 were recontacted in 

wave 2 of the survey.  In the control group, 681 of 688 were recontacted.  Of the 137 people who 

dropped out of the experiment, 14 left the Knowledge Networks panel in general, and were thus no 

longer available to be contacted for the follow up survey.  Seven people were in the control group and 

seven in the treatment group.  Knowledge Networks has studied this phenomenon and can provide 

evidence to show that people who leave the general panel do so randomly.  The other 123 people who 

were not recontacted in wave 2 experienced technical problems downloading the video portion of the 

experiment to their Web-TV unit in wave 1, and consequently never viewed the video.  All of these 

people were in the experimental group.  It would be an obvious violation of randomization to assign 

these people to the control group.  Since they did not get the treatment, however, they cannot be analyzed 

as part of the experiment group either.  There is nothing systematic about these 123 people that would 

bias the analysis of the experiment in any way.  They are missing from the experimental group at random 

due to a technical difficulty that had nothing to do with their ability to use the Web-TV box or their 

familiarity with playing videos.  Eliminating them from the experiment does not affect the analysis in 

any systematic way.  I tested the randomness of their dropping out using demographic and validated vote 

information. 
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Table 2.  Recall of Advertising Images in Treatment and Control Groups 

 Wave 1  Wave 2  

 Control Treatment Control Treatment 

First Ad Image 4.06 84.39 15.96 72.70 

Second Ad 

Image 

3.52 78.16 7.46 65.72 

Decoy Image * * 3.4 7.2 

Total 688 891 619 710 

          Cell entries are percentages of respondents in each category
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Table 3.  The Effects of Actual Treatment on Reported Turnout, Entire Sample 

 
 
 
 

 
 

 

 

 

           Chi Square = .04  p<=.8 

 Control Treatment 
Did Not Vote 
 

65.27 64.74 

Voted 
 

34.74 35.26 

Total 
 

100 
(619) 

100 
(709) 
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Table 4.  The Effects of Respondent Recall of Exposure on Reported Turnout 

 Definitely Did 

Not See 

 

Not Sure Definitely 

Saw  

Total 

Entire Sample     

Did Not Vote 

 

70.56 61.59 63.24 65.03 

Voted 

 

29.44 38.41 36.76 34.97 

Total 100 

(394) 

100 

(315) 

100 

(612) 

100 

(1321) 
  

Chi Square 7.8 

 

p<=.02 

  

     

Experimental Group     

Did Not Vote 

 

71.26 65.09 63.62 64.78 

Voted 

 

28.74 34.91 36.38 35.22 

Total 100 

(87) 

100 

(106) 

100 

(514) 

100 

(707) 
  

Chi Square 1.9 

 

p<=.40 

  

     

Control Group     

Did Not Vote 

 

70.36 59.81 61.22 65.31 

Voted 29.64 40.19 38.78 34.69 

     

Total 100 

(307) 

100 

(209) 

100 

(98) 

100 
(614) 

  

Chi Square 6.9 

 

p <= .03 
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Table 5.  Regression Analyses by Treatment Condition  
(Self-Reported Exposure on Self-Reported Turnout) 

 
Bivariate 
Model 

          Coefficients:   

Variable Full Treat-
ment 

Control 

Recall 
Exposure?  
(-1, 0, 1) 

.033* 
(.010) 

.033 
(.025) 

.058* 
(.025) 

N 1321 707 614 
With 
Demographics

   

Variable Full Treat. Cont. 
Recall 
Exposure?  
(-1, 0, 1) 

.020* 
(.010) 

.002 
(.025) 

.060* 
(.030) 

Education  
(0-9) 

.080* 
(.009) 

.070* 
(.012) 

.080* 
(.010) 

Age  
(18-30) 

.009* 
(.004) 

.009 
(.005) 

.009 
(.005) 

N 1321 707 614 
With 
Demographics 
& Other 
Controls 

   

Variable Full Treat. Cont. 
Recall 
Exposure?  
(-1, 0, 1) 

.015 
(.013) 

-.020 
(.020) 

.040* 
(.020) 

Education  
(0-9) 

.044* 
(.008) 

.050* 
(.010) 

.040* 
(.010) 

Age  
(18-30) 

.007* 
(.003) 

.005 
(.004) 

.009* 
(.004) 

Party 
Differences  
(0-3) 

.045* 
(.014) 

.034 
(.020) 

.060* 
(.020) 

Campaign 
Interest  (0-3) 

.170* 
(.010) 

.170* 
(.010) 

.180* 
(.010) 

N 1303 699 604 
Cell entries are linear regression coefficients with standard errors in parentheses. 

* indicates statistical significance at the p<=.05 level 
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Table 6.  The Effects of Actual Treatment on Validated Turnout 

 
 
 
 

 
 

 

 

 

Chi Square = .05     p<= .8 

 
 
 
 
 
 
 
 
 
 
 
 

 
 
 
 
 
 
 

 Control Treatment 
Did Not Vote 
 

70.12 69.17 

Voted 
 

29.88 30.83 

Total 
 

100 
(251) 

100 
(266) 
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Table 7.  Predicting Who Will Over-Report Exposure and Turnout 

 
OVER-REPORT EXPOSURE  
Variable Coefficient S.E. 

25 + 
Male 
Education 
Campaign Interest (0-3) 
Media Attention (0-3) 
Watch Popular TV Shows 
Constant 
 
N = 323 
 

-.08 
.06 
-.02 
.04 
.10 
-.04 
.67 
 
R2 = .04 

.06 

.06 

.02 

.04 

.06 

.04 

.13* 
 

OVER-REPORT TURNOUT  
Variable Coefficient S.E. 
25+ 
Male 
Education 
Campaign Attention (0-3) 
Race 
South 
Constant 
 
N = 323 

.07 

.02 

.04 

.14 
-.03 
.04 
-.24 
 
R2 = .11 

.05 

.04 

.01* 

.03* 

.05 

.04 

.09* 
 

   
Cell entries are linear regression coefficients generated using SUR.  

* Indicates statistical significance at the p<=.05 level 
 

Correlation between errors in two equations:  .09 
Breusch-Pagan test statistic = 2.8 ~Chi2(1), p<=.09 
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Table 8.  Predicting Who Will Over-Report Exposure and 
Turnout using Psychological Controls 

 
OVER-REPORT EXPOSURE  
Variable Coefficient S.E. 

25 + 
Male 
Education 
Campaign Interest (0-3) 
Media Attention (0-3) 
Watch Popular TV Shows 
Duty 
Efficacy 
Partisan Strength 
Constant 
 
N = 292 
 

-.10 
.04 
-.03 
.02 
.05 
-.04 
.07* 
.02 
.05 
.94* 
 
R2 = .06 

.06 

.06 

.02 

.04 

.06 

.04 

.03 

.03 

.07 

.21 
 

OVER-REPORT TURNOUT  
Variable Coefficient S.E. 

25+ 
Male 
Education 
Campaign Interest (0-3) 
Race 
South 
Duty 
Efficacy 
Partisan Strength 
Constant 
 
N = 292 

.08 

.01 

.03 

.10* 
-.04 
.03 
.07* 
.05* 
.12* 
-.12 
 
R2 = .17 

.05 

.04 

.01 

.03 

.05 

.04 

.03 

.03 

.05 

.15 
 

   
Cell entries are linear regression coefficients generated using SUR.  

* Indicates statistical significance at the p<=.05 level 
 

Correlation between errors in two equations:  .07 
Breusch-Pagan test statistic = 1.3 (~X2(1), p<=.26
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Table 9.  Regression Analyses by Treatment Condition using Self-Reported 
Exposure with Additional Controls 

 
Variable Full Treat-

ment 
Control 

Recall 
Exposure?  
(-1, 0, 1) 

.01 
(.01) 

-.04 
(.03) 

.03 
(.03) 

Education  
(0-9) 

.04* 
(.01) 

.05* 
(.01) 

.03* 
(.01) 

Age  
(18-30) 

.01* 
(.004) 

.01 
(.006) 

.01 
(.006) 

Party 
Differences  
(0-3) 

.03 
(.02) 

.001 
(.03) 

.08* 
(.03) 

Campaign 
Interest  (0-3) 

.14* 
(.02) 

.14* 
(.02) 

.15* 
(.03) 

Civic Duty -.03 
(.01) 

-.04 
(.03) 

-.02 
(.03) 

Efficacy .02 
(.01) 

.03 
(.02) 

.01 
(.02) 

Partisan 
Strength 

.15* 
(.04) 

.2* 
(.05) 

.08 
(.05) 

Constant -.35* 
(.13) 

-.30* 
(.03) 

-.43* 
(.20) 

R2 .26 .26 .26 
N 1303 699 604 
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Appendix A 
 

Table A1.  Distributions of Variables 
 
Variable Mean Standard 

Deviation 
Min Max 

Treatment .53 .49 0 1 
Validate Vote .11 .31 0 1 
Campaign 
Interest 

1.2 .74 0 2 

Campaign 
Attention 

1.2 .87 0 3 

Party 
Differences 

2.0 .88 0 3 

Validated 
Registration 

.46 .50 0 1 

Education 4.1 1.5 1 9 
Gender .53 .49 0 1 
Age 25.1 3.6 18 30 
South .44 .49 0 1 
Efficacy 3.0 1.5 1 5 
Duty 2.6 .9 1 5 
Party Strength .24 .42 0 1 
Married .37 .48 0 1 
Attention to 
Popular TV 
Shows 

1.3 1.0 -2 2 

Attention to 
Media 

.64 .48  0 1 

First Wave     
GOTV Image 1 .09 .91 -1 1 
GOTV Image 2 .02 .92 -1 1 
Get Green 1 .12 .86 -1 1 
Get Green 2 .29 .82 -1 1 
Second Wave     
GOTV Image 1 .17 .86 -1 1 
GOTV Image 2 .03 .86 -1 1 
Get Green 1 .22 .83 -1 1 
Get Green 2 .29 .81 -1 1 
Self Report 
Turnout 

.35 .48 -1 1 

Volcano -.56 .60 -1 1 
Kids on Beach -.75 .48 -1 1 
 



 34

Table A2.  List of Question Wordings for Survey Experiment 
 
1.  Registration Sometimes things happen and people don’t get around to   
   registering to vote.  Would records show that you are … 
   
   Currently Registered to Vote 
   Not Registered to Vote 
   Not Sure 
 
2.  Party Differences Do you think there is much difference between the Democratic and 
   Republican parties on major policy issues?  
 
   A lot of Difference 
   Some Difference 
   Not Much Difference 
   No Difference 
 
3.  Attention  Generally speaking, how much attention would you say you pay to 
   political campaigns?  
 
   A lot 
   Some 
   Not Much 
   None 
 
4.  Interest  How interested are you in political elections in general? 
 
   Very Interested 
   Somewhat Interested 
   Not Much Interested 
   Not at all Interested 
 
5.  Television   In general, how often do you watch the following television  
   shows? 
  
   The West Wing Friends ER CSI Bachelor 
    
   Every Week 
   Occasionally 
   Never 
 
6.  Image Recall Now we are going to show you some images from different  
   advertisements, please tell us if these are images you’ve seen  
   before. 
  
   Definitely Saw It 
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   Not Sure 
   No, have not seen this before 
 
7.  Recall Turnout People are often busy and unable to vote in midterm elections.  Did 
   you vote in the midterm elections held on November 5? 
    
   Definitely Voted 
   Did not Vote 
 
8.  Duty  Which, if any, of the following factors played a role in helping you 
   decide whether to vote? [A general sense of civic duty] 
   
   Played a Role 
   Did not Play a Role 
 
9.  Efficacy  Do you agree or disagree with the following statements?    
   [Someone like me can’t really influence government decisions]. 
 
   Strongly Agree 
   Agree 
   Neither agree nor disagree 
   Disagree 
   Strongly Disagree 
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